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Houghton Mifflin Harcourt

Houghton Mifflin Harcourt - usgatesns yuebHukos,

yuebHbIX MaTepranos, OLEeHOK, CNPAaBOYHUKOB,
XYZAOXECTBEHHOW U Hay4YHO-TEXHUYECKOU InTepaTypbl

KaK A4 FOHbIX Lll/ITaTe!'Iel\/Jl, TakK 1 ANA B3POC/bIX.
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NckyccTBeHHbIN HTennekT (UW; anra. artificial intelligence, Al) — ceoicTBo MHTENIEKTYaNbHBIX CUCTEM

BbIMOJIHATb TBOpPYeCKHNe d)YHKLI,MVI, KOTOpble TPaANLNOHHO CHUTAKOTCA npeporaTMBon yesioBeKa.
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personalized

YnyylieHne CKkopoCTu U Onpoc COTHM CTYAEHTOB
KayecTBa obyyeHus Ana paspaboTkum StepWise
OZHOBPEMEHHO C NOBbILEHNEM — NepCcoHaNN3NpPOBaHHON
BOB/IEYEHHOCTU U Y/IyULLEHUM nporpammsl A5 paboTbl Ha

pe3ynbLTaToB cMapTdoHax
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. UapuBuayanusanus
. HeorpannyeHHbIN TOCTYIT K HA(PPOBBIM U

MHTEPAKTUBHBIM PECYPCaM.

. llpenoiaBaresip Tenepb HE €AMHCTBEHHbIN

HUCTOYHUK 3HAHUU

. bonbie cnoco00B KOMMYHHUKAITAU
. BbICOKast BOBJICUEHHOCTh yUaIIUXCS B

0o0pa3oBaTeIbHBIN MPOIECC 3a CYET MHOI000Opa3us
pecypcoB

. OOBEKTUBHOCTH OILIEHKU
. YUEHHKHM y4aTcs HaXOAUTh pa3HbIE CIIOCOObI

paszpelieHus mpooieM, HAXOIUTh HYKHYIO
nH(pOpMaLuio, (paHTa3upPOBATh.

. IloBpIIIaeTcs YPOBCHb OTBCTCTBCHHOCTH
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coursera

« > C 8@ coursera.org/learn/machine-learning

coursera

Oxuaanue odr.mookiel.com...

N3yunts v Yemy Obl Bbl XOTENN HAYYUTLCA?

0630p Hayka o gaHHbIX MawmuHHoe obyuyeHune OT napTHepa

MaluuHHOoe o6yyeHune Stanford

W Rk Rk 4.9 Ouenku: 147988 | & 97%

{ g Andrew Ng [ ny4wWWE NPENOAABATENN

YyacTBoBaTh 6ecnnaTtHo
Hauanca ceHT. 28

HAocrynna ¢unancosan nomows

3 596 607 yxe 3aperucTpupoBaHbl

O npoekte [penogasatenn  [lporpammakypca  PeueHsur  MapaMeTpbl perucTpaumn  Yacro 3agasaemble BOMPOCh

06 3TOM Kypce

HepaBHo npocmoTpeHo: 9 395 506

Machine learning is the science of getting computers to act without being explicitly programmed. In the past decade, machine learning has
given us self-driving cars, practical speech recognition, effective web search, and a vastly improved understanding of the human genome.
Machine learning is so pervasive today that you probably use it dozens of times a day without knowing it. Many researchers also think it is the
best way to make progress towards human-level Al In this class, you will learn about the most effective machine learning techniques, and gain
practice implementing them and getting them to work for vourself. More importantlv. vou'll learn about not onlv the theoretical underpinnings
MokasaTb BCe

NPNOBPETAEMbIE HABbIKU

Logistic Regression Artificial Neural Network Machine Learning (ML) Algorithms Machine Learning
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2, Amieas Aeactama
3. ADTHGAME ANSHI
4, Acnasos 3arap

. Cngros Qanuan
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11. KopoTH Ansccad
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